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Informative Insider Trading
The Hidden Profits in Corporate Insider Filings

"Insiders might sell their shares for any number of reasons, but they buy them for only one: they
think the price will rise."

Peter Lynch

Former Manager of the Magellan Fund

Several studies have found that corporate insiders have an information advantage over the broad
public and earn abnormal returns from trading stocks of their own companiesl. For outside
investors, the ability to profit from publicly disclosed information on insider trading has been a
topic of debate. While some studies conclude that outsiders earn abnormal returns by mimicking
insiders’ trades, others suggest these profits disappear after transaction costs®.

In this report, we investigate the impact of the public disclosure of insider trading on equity
prices, using both an event study framework and a portfolio formation approach. Leveraging S&P
Capital 1Q’s Ownership database, we explore several practical methods of identifying
“informative” insider trades, and how to construct a portfolio of stocks using recent “informed”
insider transactions. We document the following results:

o Consistent with existing literature, insider trades are shown to be predictive of
future stock returns. Companies whose corporate insiders are net stock purchasers
(sellers) generate positive (negative] excess returns of 0.68% [-0.19%] within one week
following the announcements of insider transactions. However, a significant portion of
this excess return was driven by performance in 20089.

e (QOutside investors can earn economically significant excess returns by trading on
“informative” insider trading signals. Specifically, insider trades classified as
“opportunistic”, “intensive” and “directional change” predict excess returns of 0.48%,
2.47% and 0.55%, respectively, (all statistically significant at the 1% level] in the
following week.

e Mimicking the net purchase actions of CEOs yielded an excess return of 1.27% over
the next one week. However, this excess return was concentrated in 2008 and 2009.

e A trading strategy based on the three characteristics: opportunistic, intensive and
directional change, yielded 0.36% weekly excess returns after transaction costs,
statistically significant at the 1% level.

! Far example, Jeng et al. [2003], Seyhun (1992) and Jaffe (1974).
? Bettis, Vickrey and Vickrey (1997), Rozeff and Zaman [1988])
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INFORMATIVE INSIDER TRADING

1 Insider Trading and Stock Returns

The Securities and Exchange Commission [SEC) defines corporate insiders as a company’s
officers and directors, and any beneficial owners of more than 10% of a class of the company’s
equity securities”. Corporate insiders are a unique class of traders as they possess the most
intimate information about a firm. In this report we examine the profitability for outside investors
who observe what insiders are doing. Utilizing S&P Capital 1Q’s Ownership database which, among
other data items, captures insiders’ traded shares, holding position and filing dates, we explore
alpha signals built from publicly available information regarding insider transactions in the U.S.

We start from a basic signal that identifies companies whose insiders are net purchasers or sellers
of company stock. If on a given day, the total amount bought by all insiders is greater (smaller]
than the amount sold, then the company has a net purchase [net sale] event. To the extent that
insider trading reflects insiders’ access to proprietary information, we expect the net purchase
[net sale] events to be a positive (negative] signal for stock returns. The filing date is used as the
event date. Table 1 shows abnormal returns [AR]Ll around net purchase and net sale events and
their hit rates® for Russell 3000 companies over the last 5 yearss. Event day performance is
highlighted in purple.

Table1l Abnormal Returns [AR] around Net Purchase [Net Sale] Events
Russell 3000; 9/1/2008 - 5/31/2013

Net Purchase

Pre-event Event Post-event
1 Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month

AR

AR t-stat
Hit Rate
# Events

-3.85% -2.26% -1.31% -0.63% -0.22% 0.00% | 0.53% | 0.27% 0.46% 0.56% 0.68% 1.05% 1.42%
-36.20  -26.73 -19.69 -11.96 -5.09 -0.03 19.64 10.23 12.71 13.49 12.50 13.73 12.80
37.5%  39.8% 42.5% 44.9% 47.1%  48.5% | 54.8% | 50.2%  50.5%  51.0% 50.3%  50.2%  49.5%
24770 24770 24770 24770 24770 24770 | 24770 | 24770 24770 24770 24770 24770 24770

Met Sale

Pre-event Event Post-event
1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month

AR

AR t-stat
Hit Rate
# Events

2.51% 1.33% 0.70% 0.31% 0.13%  0.03% | -0.07% | -0.05% -0.08% -0.12% -0.19% -0.30% -0.50%
40.95 32.49 21.23 13.39 7.02 2.34 -5.48 -4.19 -4.87 -6.25 -7.55 -9.35 -10.79
58.3%  56.0% 53.7%  52.0% 50.1%  48.6% | 46.7% | 47.6% 47.0% 47.4% 47.0%  46.6%  46.4%
46144 46144 46144 46144 46144 46144 | 46144 | 46144 46144 46144 46144 46144 46144

Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

The market reacts with a statistically significant positive (negative] AR upon the announcement of
net purchases (net sales]. Following the net purchase events, companies see an AR of 1.42% (t-
stat of 12.80] within one month. On the other hand, companies with net sale events experience a
negative AR of -0.50% (t-stat of -10.79] over the same period. We further examine the
performance hy calendar year and the results are displayed in Tahle 2. Returns highlighted in bold
are statistically significant at the 5% level.

® http://www.sec.gov/answers/farm345.htm

4 Throughout this report, abnormal returns are holding period stock returns adjusted for the Fama-French
factors, unless otherwise specified. Please see Section 4 for more details.

®Hit Rate is defined as the percentage of times when abnarmal returns are pasitive.

®In order ta eliminate the impact of overlapping returns of multiple events, we also tested each signal with
only the events that do not have any other event occurring within 2 weeks before or after, i.e. isolated events.
The results are qualitatively the same. Please see the Appendix for tabulated returns of isolated events.
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INFORMATIVE INSIDER TRADING

Table 2 indicates that performance over the testing period was largely driven by insider
transactions in 2009. Net purchase (sale] one-month AR in 2009 was about nine (two] times
larger in magnitude than the next largest calendar year return. This concentration of AR from the
basic signal prompts us to search for more robust insider trading signals, described in the next
section.

Table 2 Abnormal Returns around Net Purchase [Net Sale] Events by Calendar Year
Russell 3000

MNet Purchase

Pre-event Event Post-event
1 Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month

2009
2010
2011
2012

-3.87% -1.95% -0.89% -0.33% 0.01% 0.14% | 0.60% | 0.49% 0.72% 0.96% 1.33% 2.26%  3.83%
-2.27% -1.22% -0.74% -0.35% -0.11% 0.03% | 0.4%% | 0.07% 0.13% 0.18% 0.18% 0.22% 0.28%
-3.67% -2.45% -1.50% -0.77% -0.33% -0.13% | 0.47% | 0.15% 0.24% 0.29% 0.28% 0.16% -0.18%
-3.45% -1.80% -1.03% -0.47% -0.16% 0.03% | 0.45% | 0.14% 0.22% 0.28% 0.36% 0.44% 0.43%

Met Sale

Pre-event Event Post-event
1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month

2009
2010
2011
2012

2.89% 1.47% 0.72% 0.35% 0.13% 0.01% | -0.13% | -0.16% -0.27% -0.37% -0.57% -0.83% -1.34%
2.21% 1.29% 0.69% 0.29%  0.08% 0.02% | -0.06% | -0.01% -0.05% -0.09% -0.14% -0.27% -0.55%
2.86% 1.67% 0.80% 0.42% 0.20% 0.04% | -0.08% | -0.01% -0.02% -0.03% -0.09% -0.21% -0.34%
2.19% 1.09% 057% 0.27% 0.13% 0.04% | -0.05% | -0.04% -0.05% -0.06% -0.10% -0.13% -0.28%

Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

2 Informative Insider Trading

As pointed out by both academia and practitioners, insiders make purchases and sales for various
reasons, such as diversification or liquidity needs. In this section, we analyze our insider trading
data to identify transactions that are more likely to reflect insiders’ information advantage. These
“informed” transactions should in theory be better predictors of a company’s future stock return
than signals that simply include all the transactions of insiders.

2.1 Opportunistic Trades

In a 2010 paper, Cohen et al. concluded that a subset of information-rich “opportunistic” trades
contain all the predictive power within the insider trading universe. To identify opportunistic
trades, Cohen et al. grouped all insiders who have traded in each of the past 2 years into two types
- opportunistic and routine. Insiders who have traded in the same calendar month in the last 2
years are routine traders and all their trades in the following calendar year are tagged as “routine
trades”. Insiders not tagged as routine are classified as opportunistic and all their trades in the
subsequent calendar year are termed as “opportunistic trades”. The rationale for this
classification is that insiders who use part of their compensation to buy the company stock at
fixed intervals typically make such purchases in the same calendar month every year. These
trades tend to contain no valuable information about the company’s prospect.

We use the same approach to identify opportunistic trades. On any given day, if the number of
shares bought by opportunistic traders is larger (smaller] than the amount sold by opportunistic
traders, then the company has an opportunistic buy (sell) event. Table 3 shows AR around the
event date for 2010 through 2013 as 2008 and 2009 data are used solely to classify insiders into
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opportunistic or routine buckets. For comparison, the performance of the basic signal over the

same period is displayed in the last row of the table and grayed out.

Table 3 Abnormal Returns [AR] around Opportunistic Buy [Sell] Events
Russell 3000; 1/1/2010 - 5/31/2013

Opportunistic Pre-event Event Post-event

Buy 1 Month 2 Weeks 1 Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
AR -2.26% -1.82% -1.21% -0.66% -0.31% -0.06% | 0.41% | 0.08% 0.27% 0.34% 0.48% 0.55% 0.58%
AR t-stat -7.95 -8.53 -7.00 -4.73 -2.94 -0.76 5.91 1.29 3.37 3.49 3.59 3.21 2.39
Hit Rate 40.3%  41.3%  43.9%  453% 47.7%  4B.0% | 56.6% | 49.4% 52.9% 534% 53.1% 52.9% 50.3%
# Events 1701 1701 1701 1701 1701 1701 1701 1701 1701 1701 1701 1701 1701
Met Purchase AR -3.11% -1.82% -1.07% -0.51% -0.19% -0.03% | 0.46% 0.11% 0.20% 0.23% 0.25% 0.25% 0.12%
Opportunistic Pre-event Event Post-event

Sell 1 Month 2 Weeks 1 Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
AR 2.26% 1.44% 0.86% 0.40% 0.20% 0.05% | -0.09% | -0.05% -0.07% -0.11% -0.17% -0.24% -0.22%
AR t-stat 15.97 14.18 12.21 8.09 5.07 1.78 -3.57 -2.26 -2.11 -2.79 -3.46 -3.18 -1.76
Hit Rate 59.2% 57.1% 57.1% 54.9% 52.8% 51.0% | 46.6% | 47.6% 47.1% 47.1% 47.0% 46.8% 48.3%
# Events 4059 4059 4059 4059 4059 4059 4059 4059 4059 4059 4059 4059 4059
Net Sale AR 2.30% 1.28% 066% 0.30% 0.12% 0.02% | -0.06% | -0.03% -0.04% -0.06% -0.11% -0.18% -0.34%

Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

The results are consistent with the hypothesis - opportunistic trades contain useful information
about the direction of equity prices, especially for “buy” events. For example, the one-week AR
after opportunistic buys is 0.48%, statistically significant at the 1% level; the one-week AR for the
basic net purchase signal is 0.25%, about 50% smaller than that of opportunistic buys. The one-
week AR hit rate for opportunistic buy is 53.1%, as opposed to only 49.6% for the basic net
purchase signal [not tabulated]. A breakdown of the performance by calendar year (Table 4)

shows the AR for opportunistic buys are largest in 2012 and weakest in 2011’

Table 4 Abnormal Returns around Opportunistic Buy Events by Calendar Year

Russell 3000
Opportunistic Pre-event Event Post-event
Buy 1 Month 2 Weeks 1 Week 3Days 2Days 1 Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
2010 -1.598% -1.11% -0.56% -0.23% -0.10% -0.02% | 0.60% 0.15%  0.34% 0.37% 0.55% 0.64% 0.81%
2011 -3.30% -2.55% -1.81% -0.86% -0.41% -0.10% | 0.29% | -0.02% 0.02% 0.16% 0.19% 0.06% -0.11%
2012 -1.29% -1.51% -1.07% -0.90% -0.49% -0.09% | 0.39% | 0.17% 0.56% 0.70% 0.90% 1.24% 1.63%

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results

On the sale side, the opportunistic/routine classification does not provide as much improvement.
The one-week AR post opportunistic sell event is -0.17% (vs -0.11% for basic net sale signals over

the same period].

2.2 Intensive Trades

Several academic papers suggest that “intensive” insider trading activities are associated with
profits that outweigh transaction costs. We identify an intensive buy [sell] event if, on any given

day, a company meets the following criteria:

7 . .
When we focus on isolated events, the returns are not concentrated in any calendar year. Please see Table

A.4 for more details.
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e Atleast two insiders are buying [selling];
e Thereis noinsider sale (purchase);
e Atleast two insiders have increased (decreased] their holdings by more than 10%.

Tahle 5 shows the performance of intensive buy and intensive sell signals over the past 5 years.
Abnormal returns improve significantly with the intensive buy signal: one-week AR post events is
2.47% with a t-stat of 6.01, as compared to the one-week AR of 0.68% for the basic net purchase
signal (Table 1). The hit rate also rises to 54.6% (vs 50.3% for net purchase signal]. Table 6
breaks down the performance of intensive buy signal by calendar year. The results demonstrate
the robustness of this signal across different years. Intensive sell signals, on the other hand, do
not generate significant returns®.

Table 5 Abnormal Returns [AR] around Intensive Buy [Sell] Events
Russell 3000; 9/1/2008 - 5/31/2013

Intensive Buy

Pre-event Event Post-event
1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month

AR

AR t-stat
Hit Rate
# Events

-11.23% -7.08% -5.41% -3.35% -1.55% -0.33% | 1.41% | 0.75%  1.44%  1.B4%  2.47%  3.60%  5.76%
-16.16  -11.09 -9.97 -8.18 -4.69 -1.48 6.49 4.15 4.70 5.86 6.01 6.34 5.83
24.4%  291%  32.2%  37.6% 44.2%  47.9% | 59.5% | 52.9%  53.9%  55.0%  54.6%  56.5%  54.9%

966 966 966 966 966 966 966 966 966 966 966 966 966

Intensive Sell

Pre-event Event Post-event
1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month

AR

AR t-stat
Hit Rate
# Events

5.14%  2.85% 1.94% 0.68% 0.26%  0.16% | 0.12% | 0.00% -0.08% -0.18% -0.05% -0.20% -0.37%
13.64 11.75 6.18 4.97 2.05 2.07 0.74 0.01 -0.55 -1.49 -0.19 -0.98 -1.76
66.9%  63.2% 60.4% 55.2% 52.7%  50.9% | 48.0% | 44.1% 44.4% 45.1% 46.1% 46.3%  47.3%
2011 2011 2011 2011 2011 2011 2011 2011 2011 2011 2011 2011 2011

Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Table 6 Abnormal Returns around Intensive Buy Events by Calendar Year
Russell 3000

Intensive Buy

Pre-event Event Post-event
1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month

2009
2010
2011
2012

-10.48% -5.19% -3.83% -1.89% -0.34% 0.77% | 0.96% | 1.09%  2.57% 2.50% 3.71% 5.93% 13.84%
-6.95% -4.24% -3.51% -2.16% -0.87% -0.47% | 1.75% | 0.53% 0.70% 0.90% 0.77% 2.05% 3.21%
-8.62% -6.10% -4.62% -2.66% -0.74% 0.03% | 1.28% | 0.44% 0.67% 0.96% 1.54% 0.84% -0.22%
-9.20% -5.97% -4.45% -2.48% -1.24% -0.24% | 1.04% | 0.19% 0.08% 0.82% 1.25% 1.74% (0.98%

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results

2.3 Change in Trading Direction

Lorie and Niederhoffer suggested, in their widely cited 1968 paper, that insider purchases [sales]
are more likely to be followed by another purchase [sale]. They concluded that “A change in
direction of activity from purchase to sale, or vice versa, is of importance in deducing insider
expectations concerning their stock.” To capture the change in insiders’ prospect about the firm,
we define a “sell to buy” signal as an event when:

¥ |solated intensive sell signal delivers similar results as isolated basic net sale signal. Please see Table A.5
for more details.
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e A company experiences a net purchase over the last three months but a net sale over the
previous three months;

e The purchased amount in the last 3 months is greater than in the previous 3 months;

e The amount sold in the last 3 months is smaller than in the previous 3 months.

A “buy to sell” signal is the mirror image of the “sell to buy” signal. Table 7 shows the performance
of these change-in-direction events between 3/1/20099 and 5/31/2013. As a comparison, the
performance of the basic signals over the same period is displayed in the last row of the table and
grayed out.

Table 7 Abnormal Returns [AR] around Sell to Buy [Buy to Sell] Events
Russell 3000; 3/1/2009 - 5/31/2013

Pre-event Event Post-event
Sell to Buy 1 Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
AR -5.49% -3.16% -1.82% -0.76% -0.27% -0.09% | 0.60% 0.23% 0.45% 0.52% 0.55% 0.58% 0.67%
AR t-stat -21.21  -15.30 -11.66 -6.33 -2.92 -1.47 10.45 4.17 6.19 5.89 5.00 3.51 2.66
Hit Rate 32.3% 35.3%  40.3%  44.8%  47.0%  48.4% 57.1% 50.4% 52.0% 52.8% 51.2%  49.5%  47.4%
# Events 2541 2541 2541 2541 2541 2541 2541 2541 2541 2541 2541 2541 2541
MNet Purchase AR -3.17% -1.77% -0.98% -0.44% -0.14% 0.00% 0.49% 0.19% 0.30% 0.37% 0.48% 0.67% 0.86%
Pre-event Event Post-event
Buy to Sell 1 Month 2 Weeks 1Week 3 Days 2 Days 1 Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
AR 2.84% 1.29% 0.59% 0.14%  -0.02% -0.07% | -0.10% | -0.05% -0.12% -0.17% -0.24% -0.34% -0.99%
AR t-stat 8.79 7.78 4.76 1.53 -0.25 -1.54 -2.05 -1.12 -1.89 -2.29 -2.50 -2.49 -4.80
57.1% 54.9% 52.1% 50.3% 47.4%  46.4% 46.0% | 46.0%  45.3%  46.5%  46.0%  44.3%  41.5%
3064 3064 3064 3064 3064 3064 3064 3064 3064 3064 3064 3064 3064
2.41% 1.31% 0.67% 0.30% 0.12% 0.02% | -0.07% | -0.06% -0.10% -0.13% -0.21% -0.33% -0.58%

Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

The results are consistent with our expectation. The one-week AR after a “sell to buy” signal is
0.55% (vs 0.48% for the basic net purchase signal), significant at the 1% level, and hit rate is
51.2% (vs 49.6% for net purchase signal, not tabulated). The “buy to sell” signal yields slightly
more negative return than the basic net sale signal. A breakdown of the performance for the “sell
to buy” signal by calendar year (Tahle 8] shows that one-week abnormal returns are statistically
significant in all calendar years.

Table 8 Abnormal Returns around Sell to Buy Events by Calendar Year

Russell 3000
Pre-event Event Post-event
Sell to Buy 1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
-4.38% -2.65% -1.54% -0.82% -0.12% -0.02% | 0.58% 0.18% 0.41% 0.58% 0.52% 0.34% 0.10%
-5.71% -3.74% -2.45% -1.16% -0.48% -0.30% | 0.68% 0.23% 0.46% 0.43% 0.45% 0.11%  -0.54%
-4.93% -2.45% -1.26% -0.19% 0.03% 0.20% | 044% | 0.23% 054% 067% 0.84% 1.05% 1.67%

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results

2.4 CEO Trades
Many studies have examined trading behavior of top executives who supposedly are the most
knowledgeable insiders and found that they earn greater profits. Combhining the Ownership

¥ Because this signal requires a 6-month window to detect the pattern, the results start from 3/1/2009
rather than 9/1/2008.
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database with SGP Capital IQ’s People Intelligence database, we identify trades made by CEOs and
define a CEQ net purchase [CEO net sale] event as the day when the CEO buys mare (less] than
he/she sells. Table 9 shows the returns around the event date for Russell 3000 companies over
the past 5 years.

Over the entire testing period, CEQ net purchase events are followed by positive and significant
returns. The one-week AR post event is 1.27% with a t-stat of 2.93. However, a breakdown of the
results by calendar year (Table 10] demonstrates that the positive returns are mostly
concentrated in year 2008 [not shown because it only contains 4 months of data] and 2009. The
pattern has reversed in the most recent year, and the positive one-week AR in earlier years are not
significant at the 5% level.

The CEO net sale signal, like all other net sale strategies we considered earlier, is weak.

Table 9 Abnormal Returns [AR] around CEO Net Purchase [CED Net Sale] Events
Russell 3000; 9/1/2008 - 5/31/2013

CEO Net Pre-event Event Post-event
Purchase 1Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
AR -9.10% -5.13% -3.15% -1.68% -0.86% -0.06% 1.04% 0.52% 1.07% 1.45% 1.27% 1.59% 3.07%
AR t-stat -13.73 -8.71 -6.04 -3.79 -2.56 -0.24 4.75 2.69 4.02 4.34 2.93 2.93 3.23
Hit Rate 28.0% 31.6% 37.6%  40.8%  42.9%  49.1% 56.3% 51.9% 52.9% 53.1% 50.2% 50.6% 50.1%
# Events 801 801 801 801 801 801 801 801 801 801 801 801 801
CEO Net Pre-event Event Post-event
Sale 1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
AR 2.11% 0.33% -0.10% -0.30% -0.17%  0.28% | -0.18% | 0.27% 0.29% 0.09% 0.45% -0.41% -1.28%
AR t-stat 3.31 0.93 -0.37 -1.50 -0.89 0.84 -1.71 0.81 0.90 0.33 0.73 -0.96 -3.35
Hit Rate 57.7% 52.2% 47.7% 49.7%  49.7%  46.8% 44.5% | 46.0%  44.8%  45.0% 449% 42.1%  43.1%
# Events 954 954 954 954 954 954 954 954 954 954 954 954 954
Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results
Table 10 Abnormal Returns around CEO Net Purchase Events by Calendar Year
Russell 3000
CEO Net Pre-event Event Post-event
Purchase 1Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
2009 -7.61% -3.90% -2.68% -1.13% -0.49% 0.48% 0.41% 0.50%  1.01% 1.45% 1.03%  1.98% 6.30%
2010 -7.83% -4.48% -2.44% -117% -0.41% 0.12% | 1.67% 0.27% 0.06% 0.46% 0.55% 0.32% 0.70%
2011 -8.26% -5.78% -3.78% -1.49% -0.89% -0.06% | 1.74% 0.49%  0.99% 1.02% 0.76% -0.14% -2.56%
2012 -5.48% -2.03% -1.14% -0.36% -0.15% -0.04% | 1.03% | -0.38% 0.11% -0.16% -0.28% -0.68% -1.04%

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results

3 Portfolio strategy with insider trading signals

In this section, we construct a trading strategy that incorporates the three robust insider trading
signals we have discussed earlier: opportunistic, intensive and directional change. We further
illustrate how an outside investor can profit from using publicly announced insider trading
activities.
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Specifically, on every Friday, we form our portfolios among Russell 3000 companies using the
following rules:
e |f over the prior week, a company has had an opportunistic buy, an intensive buy or a sell
to buy signal, then it is included in the long portfolio;
e |f over the prior week, a company has had an opportunistic sell, an intensive sell or a buy
to sell signal, then it is included in the short portfolio;
e |f a company has hoth buy and sell signals in the prior week, then it is excluded from both
portfolios.

The portfolios are rebalanced every week, and weekly excess returns'® are calculated from
1/1/2010" to 5/31/2013 (Table 11). On average, companies with buy [sell] signals from insider
trading activities yield 0.59% [-0.19%] excess return per week, statistically significant at the 1%
level. Consistent with earlier findings, the long side is much stronger than the short side, with an
information ratio [IR]12 of 0.39 and hit rate of 68.7%.

Table 11 Weekly Portfolio Performance
Russell 3000; 1/1/2010 - 5/31/2013

Long Portfolio Short Portfolio Long-Short

Excess Return Excess Return Spread
Average 0.59% -0.19% 0.78%
T-stat 5.19 -2.09 5.36
IR 0.39 -0.16 0.40
Hit Rate 68.7% 47.5% 69.3%
# Stocks 19 36

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results

We then adjust the excess returns for several risk factors, displayed in Tahle 12 on the next page.
The Fama-French adjusted return (first row] is the intercept from the regression of portfolio
returns on weekly returns of the three Fama-French factors. The return for the long portfolio
remains the same and significant at the 1% level, suggesting that the excess return is not simply a
compensation for the Fama-French risk factors. 0On the other hand, the short portfolio return
becomes significant only at the 10% level. The next three rows of Table 12 show the loadings on
the three Fama-French factors respectively. Both long and short portfolios have significant
loadings on the small-minus-hig factor at the 1% level, indicating that this strategy is tilted
toward small companies.

In previous sections, we noticed that abnormal returns before purchase [sale] signals are negative
(positive], consistent with general consensus that insiders are contrarians. To ensure that the
excess returns of our trading strategy is not merely a manifestation of stock price mean reversion,
we regress portfolio returns on weekly decile spread of a 5-day reversal factor in addition to the
Fama-French factors and report the reversal adjusted return in Table 13. The result is qualitatively
the same as Fama-French adjustment and the loadings on the reversal factor (last row] are not

10 Excess return = stock return - market equal-weighted return.
™ We start from the earliest date when all the three signals can be constructed.
R= average excess return / standard deviation of excess return.
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statistically significant, suggesting that mean reversion cannot explain the excess return of our
trading strategy.

Table 12 Weekly Portfolio Performance - Fama-French Adjustment
Russell 3000; 1/1/2010 - 5/31/2013

Long Portfolio Short Portfolio
Intercept 0.59% *** -0.16% *
gMKT 0.95 *** 0.92 ***
pSHe 1.14 *** 0.73 ***
gHMt 0.21 * 0.07

***significant at the 1% level; *significant at the 10% level
Source: S6P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Table 13  Weekly Portfolio Performance - Fama-French and Reversal Adjustment
Russell 3000; 1/1/2010 - 5/31/2013

Long Portfolio Short Portfolio
Intercept 0.58% *** -017% *
g™ 0.94 **x 0.92 **x
e 1.4 *** 0.73 ***
gt 0.21 * 0.07
gReversal 0.03 0.01

***significant at the 1% level; *significant at the 10% level
Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Finally, we consider the impact of transaction costs on the excess return. For the long portfalio,
we assume a 10bps trading cost one-way and show the results in Table 14. The weekly excess
return after trading costs falls from 0.59% to 0.36%, but it remains statistically significant at the
1% level.

Table 14 Long Portfolio Performance Before and After Trading Costs
Russell 3000; 1/1/2010 - 5/31/2013

Weekly Excess Return Weekly Excess Return

After Trading Costs Before Trading Costs

Average 0.36% 0.59%
T-stat 3.18 5.19
IR 0.24 0.39
Hit Rate 63.1% 68.7%

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results

The following figure shows the cumulative return of the long portfolio after trading costs. As a
benchmark, the return to an equal weighted market portfolio is also displayed. The long portfolio
has outperformed the market over the testing period, even after taking into consideration
transaction costs, suggesting that outsiders can earn robust excess returns using insider trading
data.
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Figure1 Cumulative Return of Long Portfolio vs Market
Russell 3000; 1/1/2010 - 5/31/2013
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Past performance is not a guarantee of future results

4 Data and Methodology

We use S&P Capital 1Q’s Ownership database for insider trading activities, including the number of
shares bought or sold by each insider, the holding position of the insider after each transaction,
and corresponding filing date. To identify CEOQ’s trades, we joined the SG&P Capital 1Q’s People
Intelligence database with the Ownership database. We focus on open market transactions for
Russell 3000 companies, and our tests are carried out from September 1%, 2008 through May 31%,
2013.

In measuring abnormal returns [AR] around various signals, we first calculate a normal return for
each stock using Fama-French model. Specifically, for stock i:

Normal return; = BiMKT * MKT + BiSMB * SMB + BiHML * HML

Where MKT, SMB and HML are the returns to the three Fama-French factors®, respectively, and
the p’s are estimated over a 252-day window one month before the event date for stocki. To limit
the impact of unstable beta estimation, we constrain the normal return on any given day to be
within 3 standard deviations of that stock’s average normal return over the past 252 business
days. Then AR is calculated as stock return minus normal return. For post-event AR, we use the
close price of the day after the filing date for return calculation to account for the potential
difficulty of getting in the position on the event date.

13 Fama-French factor returns are obtained from

http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data library.html.

QUANTAMENTAL RESEARCH OCTOBER 2013 10

WWW.SPCAPITALIQ.COM


http://mba.tuck.dartmouth.edu/pages/faculty/ken.french/data_library.html

INFORMATIVE INSIDER TRADING

5 Conclusion

Corporate insiders are widely believed to have an information advantage over outsiders and have
profited from trading stocks of their own company. In this report, we examine how outside
investors can construct alpha signals based off insider trading activities. We find that
opportunistic buy, intensive buy and directional change from sell to buy are strong indicators of
future stock performance, generating one-week AR of 0.48%, 2.47% and 0.55%, respectively.
Consistent with existing literature, insider net sale signals are relatively weak.

We demaonstrate a practical implementation of a strategy that incorporates three insider trading
signals. The long only portfolio of this strategy generates weekly excess returns of 0.36% after
adjusting for trading costs.
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Appendix  Performance of Isolated Insider Trading Events

As many studies have pointed out, insider purchases and sales tend to cluster, which means the
signals that we defined can take place multiple times within a short window. To get a clean picture
of the predictive power of each signal, we calculated AR using only the events that do not have
another event occurring within 2 weeks hefare or after for all signals except the directional change
signals, for which we use only the first signal within every two-week period for AR calculation. The
results are presented below and they do not qualitatively change the conclusion of our paper.

Table A1  Abnormal Returns [AR] around Net Purchase [Net Sale] Events
Russell 3000; 9/1/2008 - 5/31/2013
Net Pre-event Event Post-event
Purchase 1Month 2 Weeks 1Week 3 Days 2 Days 1 Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
AR -2.94% -2.13% -1.51% -0.84% -0.38% -0.03% 0.53% 0.19% 0.26% 0.25% 0.21% 0.14% 0.07%
AR t-stat -19.14  -18.48 -16.81 -11.70 -6.55 -0.86 14.86 5.49 5.63 4.64 2.95 1.45 0.47
Hit Rate 39.0% 38.5% 40.3% 42.8% 45.4% 47.2% 56.1% 49.9% 50.1% 49.8% 48.6% 47.9% 47.1%
# Events 8728 8728 8728 8728 8728 8728 8728 8728 8728 8728 8728 8728 8728
Pre-event Event Post-event
Net Sale 1 Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
AR 2.05% 1.26% 0.75% 0.37% 0.16% 0.05% | -0.07% | -0.07% -0.13% -0.19% -0.27% -0.38% -0.56%
AR t-stat  17.81 17.02 13.05 8.08 477 2.56 -3.64 -3.39 -4.90 -5.78 -6.80 -6.91 -6.77
Hit Rate 56.0% 55.9% 54.6% 52.8% 50.7%  49.4% | 46.6% | 47.2% 46.8% 47.0% 46.4% 46.1%  46.7%
#Events 15095 15095 15095 15095 15095 15095 | 15095 | 15095 15095 15095 15095 15095 15095
Source: S6P Capital IQ Quantamental Research
Past performance is not a guarantee of future results
Table A.2 Abnormal Returns around Net Purchase [Net Sale] Events by Calendar Year
Russell 3000
Net Pre-event Event Post-event
Purchase 1Month 2 Weeks 1Week 3 Days 2 Days 1 Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
2009 -3.69% -2.61% -1.72% -0.78% -0.20% 0.06% 0.60% 0.31% 0.36% 0.42% 0.43% 0.58% 1.36%
2010 -2.55% -1.68% -1.28% -0.80% -0.35% -0.09% | 0.44% 0.04% 0.06% 0.05% -0.07% -0.20% -0.52%
2011 -3.00% -2.24% -1.61% -1.00% -0.58% -0.24% | 0.50% 0.19% 0.22% 0.22% 0.20% -0.16% -0.74%
2012 -2.60% -1.89% -1.21% -0.69% -0.32% -0.01% | 0.43% 0.07% 0.11% 0.08% 0.08% -0.05% -0.31%
Pre-event Event Post-event
Net Sale 1 Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
2009 3.15% 1.95% 1.11% 0.56% 0.16% 0.06% | -0.10% | -0.20% -0.38% -0.48% -0.63% -0.89% -1.44%
2010 158% 1.08% 0.69% 037% 0.16% 0.06% | -0.09% | 0.01% -0.06% -0.11% -0.13% -0.12% -0.30%
2011 1.82% 1.11% 0.63% 0.29% 0.09% -0.02% | -0.11% | -0.02% -0.03% -0.09% -0.17% -0.34% -0.61%
2012 1.62% 1.04% 0.70% 0.34% 0.20% 0.08% | -0.09% | -0.06% -0.08% -0.10% -0.21% -0.27% -0.49%

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results
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Table A.3  Abnormal Returns [AR] around Opportunistic Buy (Sell] Events
Russell 3000; 1/1/2010 - 5/31/2013

Opportunistic Pre-event Event Post-event

Buy 1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
AR -2.69% -2.36% -1.67% -1.07% -0.56% -0.16% | 0.39% 0.16% 0.40% 0.50% 0.53% 0.54% 0.29%
AR t-stat -7.16 -8.42 -7.15 -5.51 -3.72 -1.56 4.40 2.17 3.89 4.02 3.43 2.66 1.02
Hit Rate 38.2% 37.4%  41.3% 42.5%  45.2% 45.1% 57.6% 52.1% 54.3% 54.8% 53.7% 52.8%  49.6%
# Events 898 898 898 898 898 898 8938 898 898 898 8938 898 8938
Opportunistic Pre-event Event Post-event

sell 1 Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
AR 2.41%  1.58% 1.03% 0.52% 0.27%  0.07% | -0.09% | -0.06% -0.10% -0.14% -0.20% -0.36% -0.28%
AR t-stat 13.49 11.94 10.93 7.94 5.30 2.21 -2.89 -1.90 -2.54 -2.67 -3.03 -3.83 -1.78
Hit Rate 60.7%  58.9% 59.6% 56.8% 53.7% 51.2% | 47.2% | 47.8% 47.2% 46.7% 47.0% 45.3%  48.6%
# Events 2302 2302 2302 2302 2302 2302 2302 2302 2302 2302 2302 2302 2302

Source: S6P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Table A.4  Abnormal Returns around Opportunistic Buy Events by Calendar Year

Russell 3000
Opportunistic Pre-event Event Post-event
Buy 1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
2010 -3.32% -2.28% -1.31% -0.69% -0.33% -0.27% | 0.24% | 0.33% 0.45% 0.53% 0.50% 0.96% 0.29%
2011 -2.30% -2.02% -1.61% -0.70% -0.30% 0.10% | 0.39% | 0.06% 0.27% 0.44% 0.50% 0.37% 0.54%
2012 -2.63% -2.74% -2.04% -1.99% -1.17% -0.49% | 0.43% 0.19% 0.57% 0.64% 0.61% 0.26% -0.10%

Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Table A.5 Abnormal Returns [AR] around Intensive Buy [Sell] Events
Russell 3000; 9/1/2008 - 5/31/2013

Pre-event Event Post-event
Intensive Buy 1 Month 2 Weeks 1Week 3Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
AR -10.49% -7.06% -5.40% -3.32% -1.61% -0.33% 1.20% 0.47% 1.15% 1.61% 1.99% 2.50% 3.65%
AR t-stat -13.88 -10.61 -10.19 -7.87 -4.63 -1.39 5.44 2.79 3.56 4.84 4.62 4.77 4.15
Hit Rate 24.7% 27.5% 30.5% 36.4% 44.7% 47.0% 59.8% 51.3% 52.6% 54.2% 53.4% 55.2% 53.3%
# Events 781 781 781 781 781 781 781 781 781 781 781 781 781
Pre-event Event Post-event
Intensive Sell 1 Month 2 Weeks 1Week 3Days 2 Days 1 Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
AR 5.14% 3.07% 1.87% 0.74% 0.26% 0.13% 0.00% | -0.13% -0.21% -0.27% -0.32% -0.37% -0.59%
AR t-stat 12.35 12.42 10.34 5.43 2.55 2.03 0.03 -2.29 -3.07 -3.42 -3.18 -2.39 -2.70
Hit Rate 67.1% 63.3% 60.5% 55.1% 52.3% 51.4% 48.9% 44.4% 43.8% 44.9% 45.8% 45.2% 46.5%
# Events 1576 1576 1576 1576 1576 1576 1576 1576 1576 1576 1576 1576 1576

Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Table A.6  Abnormal Returns around Intensive Buy Events by Calendar Year

Russell 3000
Pre-event Event Post-event
Intensive Buy 1 Month 2 Weeks 1Week 3 Days 2 Days 1 Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
2009 -11.54% -7.06% -5.93% -2.62% -1.07% 0.52% 0.67% 0.70% 2.22% 2.36% 2.97% 4.31% 9.20%
2010 -6.01% -4.02% -3.46% -2.18% -1.11% -0.72% | 1.57% 0.44% 0.77% 1.10% 0.77% 1.43% 2.22%
2011 -8.85% -6.29% -4.87% -3.03% -097% 0.15% 1.19% 0.32% 0.41% 0.73% 1.25% 0.86% -0.06%
2012 -8.81% -5.64% -3.97% -2.10% -0.97% -0.22% | 1.06% 0.00% -0.22% 0.39% 0.37% 0.61% 0.35%

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results
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Table A.7 Abnormal Returns [AR] around Sell to Buy [Buy to Sell] Events
Russell 3000; 3/1/2008 - 5/31/2013

Pre-event Event Post-event
Sell to Buy 1 Month 2 Weeks 1Week 3 Days 2 Days 1 Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
AR -5.08% -3.15% -2.07% -1.16% -0.55% -0.21% | 0.54% 0.17% 0.43% 0.42% 0.42% 0.39% 0.23%

AR t-stat -17.50  -13.53  -11.66 -8.29 -5.08 -3.13 8.61 2.87 5.40 4.29 3.39 2.25 0.89
Hit Rate 32.5%  34.3%  38.3% 42.1%  44.8%  47.0% | 56.4% | 49.6% 52.1%  52.2%  50.6%  49.2% 47.0%

# Events 1850 1850 1850 1850 1850 1850 1850 1850 1850 1850 1850 1850 1850
Pre-event Event Post-event

Buy to Sell 1 Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month

AR 2.75% 1.38% 0.71% 0.27% 0.06% -0.02% | -0.10% | -0.06% -0.18% -0.24% -0.30% -0.40% -0.84%

AR t-stat 7.14 6.99 4.69 2.35 0.62 -0.29 -2.01 -1.10 -2.81 -3.13 -3.06 -2.61 -3.62
Hit Rate 56.4%  55.3% 53.9% 51.0% 48.2%  46.6% | 45.7% | 45.4%  45.3% 46.2%  46.1%  44.8%  42.8%
# Events 2193 2193 2193 2193 2193 2193 2193 2193 2193 2193 2193 2193 2193

Source: S6P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Table A.8 Abnormal Returns around Sell to Buy Events by Calendar Year

Russell 3000
Pre-event Event Post-event
Sell to Buy 1 Month 2 Weeks 1Week 3Days 2Days 1 Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
2010 -3.97% -2.52% -1.78% -1.21% -0.43% -0.14% | 0.56% 0.09% 0.42% 0.55% 0.42% 0.41% 0.00%
2011 -5.34% -3.75% -2.69% -1.71% -0.84% -0.47% | 0.62% 0.23% 0.52% 0.36% 0.47% 0.18% -0.36%
2012 -3.46% -2.68% -1.60% -0.45% -0.12% 0.18% | 0.42% 0.01% 0.36% 0.50% 0.60% 0.73% 1.06%

Source: S6P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Table A9  Abnormal Returns [AR] around CEQO Net Purchase [CEO Net Sale] Events
Russell 3000; 9/1/2008 - 5/31/2013

CEO Net Pre-event Event Post-event
Purchase 1Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2Weeks 1 Month
AR -10.17% -6.13% -4.36% -2.68% -1.56% -0.38% | 1.32% 0.50%  1.01% 1.60%  1.44% 1.66%  2.96%

AR t-stat -12.73 -8.18 -7.26 -5.36 -4.13 -1.30 4.87 2.13 3.05 3.71 2.52 2.38 217
Hit Rate 26.3%  29.0% 35.1% 37.6% 40.9%  46.8% | 58.2% | 52.2% 53.0% 54.9% 49.9% 49.7% 50.7%

# Events 479 479 479 479 479 479 479 479 479 479 479 479 479
CEO Net Pre-event Event Post-event

Sale 1 Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
AR 2.20% 0.72% 0.31% -0.12% -0.04% -0.20% | -0.059% | -0.13% -0.22% -0.21% -0.06% -0.59% -0.80%

AR t-stat 2.36 1.70 0.99 -0.46 -0.17 -1.47 -0.88 -1.22 -1.32 -0.95 -0.16 -1.46 -1.60
Hit Rate 54.7%  51.6% 49.4%  50.6% 50.1% 47.3% | 47.7% | 43.8% 43.2% 43.8% 42.9% 41.2%  45.3%
# Events 539 539 539 539 539 539 539 539 539 539 539 539 539

Source: S&P Capital IQ Quantamental Research
Past performance is not a guarantee of future results

Table A.10 Abnormal Returns around CEO Net Purchase Events by Calendar Year

Russell 3000
CEO Net Pre-event Event Post-event
Purchase 1Month 2 Weeks 1Week 3 Days 2Days 1Day day 1Day 2Days 3Days 1Week 2 Weeks 1 Month
2009 -8.25% -3.78% -2.67% -1.22% -0.85% 0.38% | 0.91% 0.46%  1.02% 1.72% 0.88% 0.64% 5.06%
2010 -7.96% -4.78% -2.88% -1.62% -0.84% -0.12% | 1.66% 0.39% 0.18% 0.56% 0.57% 0.41% 0.32%
2011 -9.90% -6.83% -5.66% -2.90% -1.62% -0.49% | 1.86% 0.22% 0.83% 0.93% 1.15% 0.48% -0.66%
2012 -9.41% -5.95% -3.99% -2.29% -1.46% -1.23% | 1.88% | -0.73% -0.30% -0.80% -1.43% -2.07% -1.45%

Source: SGP Capital IQ Quantamental Research
Past performance is not a guarantee of future results
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Our Recent Research

September 2013: Beggar Thy Neighbor - Research Brief: Exploring Pension Plans

Pension underfunding is a worldwide problem. There has been an unending wave of news staries
about cities and states across the United States suffering from defined benefit pension funding
shortfalls, but these issues extend far beyond the public sector and beyond the United States as
well.

In this brief we leverage S&P Capital IQ datasets to examine:

e Companies with the strongest and weakest pension funding status globally.

e Companies with the most optimistic return and discount rate assumptions globally.
e The relationship between projected and realized pension portfolio returns.

e The historical global trends in funding status, portfolio returns, and discount rates.

August 2013: Introducing S&P Capital 1Q Global Stock Selection Models for Developed
Markets: The Foundations of Qutperformance

In this report, we explore the efficacy of different stock selection strategies globally and use this
information to develop a suite of robust global stock selection models targeting Canada and the
developed markets of Europe and Asia Pacific. Our global models were developed using SGP
Capital 1Q's industry leading Global Point-in-Time data, as well as the Alpha Factor Library, our
web-hased global factor research platform. We find that each of our Global Stock Selection Models
for Developed Markets yield significant long-short spread returns and information coefficients at
the 1% level. This performance is also robust providing similar statistical significance after
controlling for Market Cap and Beta exposures.

July 2013: Inspirational Papers on Innovative Topics: Asset Allocation, Insider Trading &
Event Studies

Inspiration drives innovation. The writings of Plutarch inspired Shakespeare, Galapagos finches
inspired Darwin, and the German Autobahn inspired Eisenhower, but what inspires investment
researchers to develop the next innovations for investors? When we get a new investment idea, we
seek out literature on that topic to inspire us to bring the idea to fruition. This literature can help to
further develop our own thoughts, polish up and expand on our priors, and avoid the pitfalls
experienced by earlier researchers. Inspiration from academia enhances our abhility to provide
innovative solutions for our clients.

June 2013: Supply Chain Interactions Part 2: Companies - Connected Company Returns

Examined as Event Signals

Leveraging Compustat customer segment data, we investigate the impact of news for customers

and subsequent stock returns for their suppliers, over the time period May 2000 through April

2011 and find that:

e Shares of suppliers with major customer relationships reacted to positive and negative
earnings surprise of their customers with a statistically significant 0.93% to 1.97% abnormal
spread in the 5 to 60 trading days following the surprise.

e A monthly rebalanced backtest of long-short supplier portfolios based on customer
momentum would have resulted in a statistically significant 0.81% average monthly return, or
0.70% after controlling for common risk factor exposures.

e The customer momentum signal historically performs best in cyclical sectors such as Materials
and Consumer Discretionary.
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June 2013: Behind the Asset Growth Anomaly - Over-promising but Under-delivering
In this paper, we revisit the asset growth anomaly. Our results indicate:

o Asset growth demonstrates return predictive power globally with and without controlling for
size, value, 12-month price momentum, and 1-month price reversal factors.

o Information coefficient correlation analyses indicate that there are potential diversification
benefits from adding asset growth to other alpha factors.

e The companies that demonstrated the highest asset growth show subsequent deterioration in
their top-line and bottom-line growth rates while companies that had the lowest asset growth
experience subsequent improvement in their top-line and bottom-line growth rates.

April 2013: Complicated Firms Made Easy - Using Industry Pure-Plays to Forecast

Conglomerate Returns

This month we build upon the work done by Cohen and Lou in their 2010 paper, "Complicated
Firms", to determine if we can exploit industry level information from pure-play firms to predict
the future performance of multi-industry, complicated firms. Leveraging Compustat segment
data and Standard Industrial Classification (SIC) 2 digit codes, we exploit the lag in incorporating
industry level information hetween simple and complicated firms to forecast the future
performance of complicated firms. This is done by constructing pseudo-conglomerate returns,
revisions, and valuation signals that combine the relevant information of all the industries in which
a complicated firm operates. These pseudo-conglomerate signals simply weight industry level
information (ex: industry return] proportionately to the complicated firm’s reported sales in each

industry.

March 2013: Risk Maodels That Work When You Need Them - Short Term Risk Model
Enhancements

Equity Risk models are subject to a common criticism. We examined three techniques to further
enhance the S&P Capital 1@ Fundamental Factor risk models: Utilized the cross sectional
dispersion of stock and factor returns by adjusting model factors and stock specific volatilities,
change the model production frequency from monthly to daily to capture recent data, and shorten
data look back window (1 year as opposed to 2 years] resulting in a more reactive model.
Dispersion based adjustments, and high frequency of model generation both improved model
results, while a shortened calibration window showed no appreciable improvement.

March 2013: Follow the Smart Money - Riding the Coattails of Activist Investors

Can profits be made by following the actions of activists? One month after the commencement of
activism, the strategy yielded a market-adjusted excess return of 3.4%. After controlling for
market, size, value, and industry, the excess return was 2.7. Twelve months after the disclosure of
activist involvement, the strategy produced an average excess return of 14.1% after controlling for
market, size, valug, and momentum. We did not find evidence of return reversal up to two years
after activism or of diminished excess returns in 2008 -- 2012 vis-a-vis those in 2003 -- 2007.

February 2013: Stock Selection Model Performance Review: Assessing the Drivers of
Performance in 2012

In this report, we review the performance of S&P Capital I1Q's four U.S. stock selection models in
2012. These models were launched in January 2011, and this analysis will assess the underlying
drivers of each model's performance over the 12 months ended December 31, 2012.
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January 2013: Research Brief: Exploiting the January Effect Examining Variations in Trend
Following Strategies

At the beginning of every year, one topic frequented by many institutional investors is the January
Effect. Investors often point to January as the most pronounced example of seasonality, where
longer term trend following strategies suddenly underperform and short-term reversal and mean-
reversion dominate. But which strategies have performed well in January and is this performance
sustainable? With several studies in the Literature documenting the January Effect on company
capitalization, we decided to undertake our own review using our S&P Capital IQ Alpha Factor
Library [AFL], to examine various strategies' effectiveness during the manth.

December 2012: Do CEO and CFO Departures Matter? - The Signal Content of CEQ and CFO
Turnover

In October of this year, the US equity market was caught off guard with the seemingly sudden
departure of Citibank CEO Vikram Pandit. While CEQ departures are almost always headline news,
CFO departures are not often accompanied with such recognition. We explore the impact of CEQ
and CFO departures and find consistent results in the US and the Developed World. CEO and CFO
departures often signify a turning point in both the company’s stock performance and the
company’s operating metrics.

November 2012: 11 Industries, 70 Alpha Signals -The Value of Industry-Specific Metrics
Investors routinely utilize industry intelligence in their investment process. But which information
is relevant? Which is irrelevant? Our work yields some surprising results. This work complements
our previous industry work on Retail [June 2011], Banking [Oct 2011], and Qil & Gas [May 2012].
Using S&P Capital IQ's Glohal Point-in-Time database and Compustat Industry-Specific data, we
look at 70 factors in 11 industries: airlines, hospitals & facilities, managed healthcare,
pharmaceuticals & biotechnology, homebuilding, insurance, telecommunications, utilities, gold
miners, hotels & gaming, and restaurants

October 2012: Introducing S&P Capital 1Q's Fundamental Canada Equity Risk Models

In July 2012 we released our regional risk models -- the Pan-Asia ex. Japan and the Pan-European
Models, and updated versions of our US and Global Risk Models. Continuing in our efforts to
provide a broad set of models to the asset management community, we are now releasing our
second single country risk model -- Canada Fundamental Equity Risk Model.

September 2012: Factor Insight: Earnings Announcement Return - Is A Return Based
Surprise Superior to an Earnings Based Surprise?

August 2012: Supply Chain Interactions Part 1: Industries Profiting from Lead-Lag Industry
Relationships

July 2012: Releasing S&P Capital 1Q’s Regional and Updated Global & US Equity Risk Models

June 2012: Riding Industry Momentum - Enhancing the Residual Reversal Factor

May 2012: The QOil & Gas Industry - Drilling for Alpha Using Global Point-in-Time Industry
Data

May 2012: Case Study: S&P Capital IQ - The Platform for Investment Decisions

March 2012: Exploring Alpha from the Securities Lending Market - New Alpha Stemming
from Improved Data
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January 2012: S&P Capital 1Q Stock Selection Model Review — Understanding the Drivers of
Performance in 2011

January 2012: Intelligent Estimates — A Superior Model of Earnings Surprise

December 2011: Factor Insight — Residual Reversal

November 2011: Research Brief: Return Correlation and Dispersion — All or Nothing

October 2011: The Banking Industry

September 2011: Methods in Dynamic Weighting

September 2011: Research Brief: Return Correlation and Dispersion

July 2011: Research Brief - A Topical Digest of Investment Strategy Insights

June 2011: A Retail Industry Strateqgy: Does Industry Specific Data tell a different story?

May 2011: Introducing S&P Capital 1Q’s Global Fundamental Equity Risk Models

May 2011: Topical Papers That Caught Our Interest

April 2011: Can Dividend Policy Changes Yield Alpha?

April 2011: CQA Spring 2011 Conference Notes

March 2011: How Much Alpha is in Preliminary Data?

February 2011: Industry Insights - Biotechnology: FDA Approval Catalyst Strategy

January 2011: US Stock Selection Models Introduction

January 2011: Variations on Minimum Variance

January 2011: Interesting and Influential Papers We Read in 2010

November 2010: Is your Bank Under Stress? Introducing our Dynamic Bank Model

October 2010: Getting the Most from Point-in-Time Data

October 2010: Another Brick in the Wall: The Historic Failure of Price Momentum

July 2010: Introducing S&P Capital IQ’s Fundamental US Equity Risk Model

QUANTAMENTAL RESEARCH OCTOBER 2013 19
WWW.SPCAPITALIQ.COM


http://img.en25.com/Web/CapitalIQ/SP%20Capital%20IQ%20Quant%20Research%20-%20Model%20Review%202011%20-%20January%202012.pdf
http://img.en25.com/Web/CapitalIQ/SP%20Capital%20IQ%20Quant%20Research%20-%20Model%20Review%202011%20-%20January%202012.pdf
http://img.en25.com/Web/CapitalIQ/SP%20Capital%20IQ%20Quant%20Research%20-%20Intelligent%20Estimates%20-%20Jan%202012_1744.pdf
http://img.en25.com/Web/StandardandPoors/Capital%20IQ%20Quant%20Research%20-%20Residual%20Reversal%20Strategies%20-%20November%202011.pdf
http://img.en25.com/Web/StandardandPoors/Capital%20IQ%20Quant%20Research%20Brief%20-%20All%20or%20Nothing%20-%20November%202011.pdf
http://img.en25.com/Web/StandardandPoors/Capital%20IQ%20Quant%20Research%20-%20The%20Bank%20Industry%20-%20October%202011.pdf
http://img.en25.com/Web/CapitalIQ/Capital%20IQ%20Quant%20Research%20Methods%20in%20Dynamic%20Weighting%202011-09-21.pdf
http://img.en25.com/Web/CapitalIQ/Capital%20IQ%20Quant%20Research_Return%20Dispersion%20Correlation_September%202011.pdf
http://img.en25.com/Web/CapitalIQ/Capital%20IQ%20Quantitative%20Research%20-%20Research%20Briefs%20-%20July%202011.pdf
http://capitaliqinc.com/brochures/ciq_quantresearch_retailindustry_june11.pdf
http://capitaliqinc.com/brochures/ciq_globalequityriskmodel_0511b.pdf
http://capitaliqinc.com/brochures/ciq_quantresearch_topicalpapers_spring2011_2.pdf
http://www.capitaliqinc.com/brochures/CIQ%20Quant%20Research-Dividend%20Policy%20Change-April%202011.pdf
http://img.en25.com/Web/StandardandPoors/Capital%20IQ%20Quant%20Research%20-%20CQA%20Spring%20Conference%20Notes%20-%20April%202011.pdf
https://www.capitaliq.com/media/100974-Capital%20IQ%20Quant%20Research-March2011.pdf
http://www.capitaliqinc.com/brochures/capitaliqquant_february2011_biotechstrategy.pdf
https://www.capitaliq.com/media/52121-capital%20iq%20quant%20research%20quant%20research%20us%20model%20introduction_jan%202011.pdf
https://www.capitaliq.com/media/100971-Capital%20IQ%20Quant%20Research-January2011_MinVariancePortfolios.pdf
http://img.en25.com/Web/StandardandPoors/Capital%20IQ%20Quant%20Research%20-%20Interesting%20%26%20Influential%20Papers%20of%202010%20-%20January%202011_5357.pdf
file://vault/groups/SystematIQ/Articles%20and%20Papers/CIQ%20Quant%20Research%20Articles/Papers/2010%20Research/CIQ%20Quant%20Research%20-%20Dynamic%20Bank%20Model%20-%20Nov%202010.pdf
file://vault/groups/SystematIQ/Articles%20and%20Papers/CIQ%20Quant%20Research%20Articles/Papers/2010%20Research/CIQ%20Quant%20Research%20-%20Using%20PIT%20Data%20-%202010.pdf
http://img.en25.com/Web/StandardandPoors/Capital%20IQ%20Quant%20Research%20-%20Price%20Momentums%20Failure%20-%20October%202010_8034.pdf
https://www.capitaliq.com/media/52127-capital%20iq%20quant%20research%20introducing%20our%20equity%20risk%20models_july%202010.pdf

INFORMATIVE INSIDER TRADING

Copyright ® 2013 by Standard & Poor’s Financial Services LLC. All rights reserved.

No content (including ratings, credit-related analyses and data, valuations, madel, software ar other application or output therefrom] or any
part thereof (Content]) may be modified, reverse engineered, reproduced or distributed in any form by any means, or stored in a database or
retrieval system, without the prior written permission of Standard & Poor’s Financial Services LLC or its affiliates (collectively, S&P). The
Content shall not be used for any unlawful or unauthorized purposes. S&6P and any third-party providers, as well as their directors, officers,
shareholders, employees or agents (collectively S&P Parties) do not guarantee the accuracy, completeness, timeliness or availahility of the
Content. S&P Parties are not responsible for any errors or omissions (negligent or otherwise), regardless of the cause, for the results
obtained from the use of the Content, or for the security or maintenance of any data input by the user. The Content is provided on an “as is”
basis. SGP PARTIES DISCLAIM ANY AND ALL EXPRESS OR IMPLIED WARRANTIES, INCLUDING, BUT NOT LIMITED TO, ANY WARRANTIES OF
MERCHANTABILITY OR FITNESS FOR A PARTICULAR PURPOSE OR USE, FREEDOM FROM BUGS, SOFTWARE ERRORS OR DEFECTS, THAT THE
CONTENT'S FUNCTIONING WILL BE UNINTERRUPTED OR THAT THE CONTENT WILL OPERATE WITH ANY SOFTWARE OR HARDWARE
CONFIGURATION. In no event shall SGP Parties be liable to any party for any direct, indirect, incidental, exemplary, compensatory, punitive,
special or consequential damages, costs, expenses, legal fees, or losses [including, without limitation, lost income or lost profits and
opportunity costs or losses caused by negligence] in connection with any use of the Content even if advised of the possibility of such
damages.

Credit-related and other analyses, including ratings, and statements in the Content are statements of opinion as of the date they are
expressed and not statements of fact. S&P’s opinions, analyses and rating acknowledgment decisions (described below) are not
recommendations to purchase, hold, or sell any securities or to make any investment decisions, and do not address the suitability of any
security. SGP assumes no obligation to update the Content following publication in any form or format. The Content should not be relied on
and is not a substitute for the skill, judgment and experience of the user, its management, employees, advisors and/or clients when making
investment and other business decisions. S&P does not act as a fiduciary or an investment advisor except where registered as such. While
S&P has obtained information from sources it believes to be reliable, S&P does not perform an audit and undertakes no duty of due diligence
ar independent verification of any informatian it receives.

To the extent that regulatory authorities allow a rating agency to acknowledge in one jurisdiction a rating issued in another jurisdiction for
certain regulatary purposes, S&P reserves the right to assign, withdraw or suspend such acknowledgement at any time and in its sole
discretion. S&P Parties disclaim any duty whatsoever arising out of the assignment, withdrawal or suspension of an acknowledgment as well
as any liability for any damage alleged to have been suffered on account thereof.

S&P keeps certain activities of its business units separate from each other in order to preserve the independence and objectivity of their
respective activities. As a result, certain business units of S&P may have information that is not available to other S&P business units. S&P
has established policies and procedures to maintain the confidentiality of certain non-public information received in connection with each
analytical process.

S&P may receive compensation for its ratings and certain analyses, normally from issuers or underwriters of securities or from obligors. S6P
reserves the right to disseminate its opinions and analyses. S6P's public ratings and analyses are made available on its Web sites,
www.standardandpoors.com [free of charge), and www.ratingsdirect.com and_www.globalcreditportal.com (subscription], and may be
distributed through other means, including via S&P publications and third-party redistributors. Additional information about our ratings fees is
available at www.standardandpoors.com/usratingsfees.

Standard & Poor’s and S&P are registered trademarks of Standard & Poor’s Financial Services LLC. Capital I1Q is a registered trademark of
Capital IQ Inc.

QUANTAMENTAL RESEARCH OCTOBER 2013 20
WWW.SPCAPITALIQ.COM


http://www.standardandpoors.com/
http://www.ratingsdirect.com/
http://www.globalcreditportal.com/
http://www.standardandpoors.com/usratingsfees

